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Abstract 

With the promise of autonomy, flexibility, and “being your own boss” the gig economy is 
growing to be one of the most important economic and social developments of our time. 
This growth is possible due to the platform’s reliance on algorithmic control, which 
comprises the use of algorithmic technologies to control and align workers' behavior. 
Conducting a multiple-case study on the use of algorithmic control in two app-work 
platforms (Uber & Mjam) and two crowdwork platforms (Upwork & Freelancer) on the 
basis of established control concepts, we develop a holistic understanding of algorithmic 
control and show how platforms realize this new form of control along three dimensions: 
control allocation, control formalization, and control adaptiveness. We contribute also by 
introducing the concepts of control artifacts and internalized control as a step forward in 
explaining algorithmic control phenomena. 

Keywords: algorithmic control, algorithmic management, gig economy, organizational 
control, algorithmic control framework 
 

Introduction 

By 2023 the gig economy is estimated to grow to a $455 billion industry with 11% of employees in the EU 
participating and 1 in 3 working Americans relying on freelancing in some form (Wong 2022). Coupled with 
the promise of autonomy, flexibility and the opportunity of “being your own boss”, it is one of the most 
important economic and social developments of our time as by 2025 one-third of all labor transactions will 
be conducted through digital platforms (Standing 2021). What unites all platforms operating in the gig 
economy is their heavy reliance on algorithmic control (AC), which comprises the managerial use of 
algorithmic technologies, including large-scale collection and use of data to control and align worker 
behaviors with organizational objectives, previously performed by human managers (Cram and Wiener 
2020; Kellogg et al. 2020; Möhlmann et al. 2021). 

AC is considered the most controversial aspect of algorithmic management (AM). On the one hand, it 
promises benefits for employers in terms of economic value, based on improved efficiency in decision 
making, coordination processes, and organizational learning (Kellogg et al. 2020). On the other hand, even 
though gig workers do not perceive AC as a universally “bad thing” (Wiener et al. 2021), the possibility to 
continuously track and evaluate worker behavior and sanction it, if necessary automatically and in real time 
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(Pregenzer et al. 2020) may be perceived as too intrusive, resulting in various resistance behaviors 
(Möhlmann and Zalmanson 2017). Recent studies find evidence for opposing AC and the “iron cage” built 
by algorithms (Faraj et al. 2018), showing that gig workers can build workplace solidarity through collective 
action (Tassinari and Maccarrone 2020), can create “invisibility practices” (Anteby and Chan 2018), or 
might even engage in “algoactivism” (Kellogg et al. 2020) as these forms of control hinge on worker´s 
willingness to conform to the calculative rationalities that companies project onto them (Shapiro 2018).  

Altogether, AC differs fundamentally from previous forms of control, as AC opens up the possibility to 
completely remove the human manager from the control process and therefore alters the controller-
controlee relation fundamentally (Baptista et al. 2020). Given the rapid growth of the gig economy and the 
speed of technological advancement, many scholars argue that control research has not kept pace with the 
development and transformative impact of algorithmic technologies on organizational control (OC) 
(Cardinal et al. 2017; Kellogg et al. 2020). Therefore, the processes through which platforms control 
workforce and whether or how these control systems differ from one another or from previous systems is 
still relatively unknown (Griesbach et al. 2019). Even though previous studies have begun to bridge the gap 
between the state OC and the state of AC, they still lack a fine-grained discussion of control functionality 
and its complex implications, as described above. Therefore we want to shed light on AC systems in terms 
of how they exercise different forms of control simultaneously in real time, how they reward and sanction 
worker behavior, and how they interact and blend, creating an opaque control system (Pregenzer et al. 
2020; Pregenzer et al. 2021a). This leads to our central research question: How would concepts from 
organizational control help to better understand algorithmic control, and which conceptual adaptions 
may be necessary? 

Addressing this question is important as understanding the functionality of AC and the altered controller-
controlee relation is needed to react to its effects on worker well-being, socio economic structures and the 
overall impact on our perception of work in the future. Furthermore, these findings help regulatory 
instances to derive measures to fix loop holes which are currently exploited (Shapiro 2018). We address this 
question by conducting a multiple-case study which analyzes AC in two app-work platforms (Uber & Mjam), 
and two crowdwork platforms (Upwork & Freelancer) according to a well-established control framework 
(Wiener et. al 2016, Wiener et al. 2019). With the ethnographic and netnographic study we answer the call 
for research to better understand the multi-stakeholder and socio-technical nature of AC implementation 
(Pignot 2021; Vallas and Schor 2020). Further, we contribute to the conceptualization of AC by introducing 
the concepts of control artifacts and internalized control, and by providing a structured discussion of its 
functionality resulting in an AC specific control framework. The paper is structured as follows: first we 
theorize AC in the gig economy, then we draw on selected OC concepts and establish a theoretical 
framework as the basis of our subsequent analysis. We then describe our study approach and present our 
findings in regards to the selected control concepts. On this basis we create a holistic understanding of AC 
leading to our AC framework. 

Theoretical Background 

Algorithmic Control in the Gig Economy 

The term gig economy refers to the type of small task jobs (the "gigs") performed by workers contracted by 
organizations that use platforms as their operating model (Tassinari and Maccarrone 2020). The gig 
economy can be defined based on three criteria: (1) the use of digital platforms, mechanisms and processes 
(2) enable the de/re-construction of work into smaller, distributable tasks, which in turn (3) enables more 
flexible, short-term, and heterogeneous working arrangements (Tan et al. 2021, p. 3). Characteristic of 
platforms in the gig economy is the hierarchical triadic relationship between platform, customer and the 
workforce in which the platform empowered itself into the role of an active controller of the marketplace 
(Bucher et al. 2021; Duggan et al. 2020; Wiener et al. 2021). Gig work can be further divided into three key 
variants: capital platform work, crowdwork, and app-work (Duggan et al. 2020). In this study we focus on 
crowdwork, i.e., work-mediating digital platforms, such as Upwork and Freelancer, through which workers 
remotely complete tasks that can range from software coding, to survey completion, to web design and app-
work, in our case Mjam and Uber, which summarizes service-providing platforms that utilize workers to 
perform tasks locally (e.g., transport and food-delivery) (De Stefano 2015).  
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One key to the empowerment of the platform is the technological development enabling the implementation 
of AM systems, i.e., systems for oversight, governance and control practices based on self-learning 
algorithms (Lee et al. 2015). AC can be seen as a component of AM and describes the managerial use of 
intelligent algorithms and advanced digital technology as a means to align worker behaviors with 
organizational objectives (Cram and Wiener 2020; Kellogg et al. 2020). The integral part in which AC 
differs from traditional forms of control is that decision-making and control may be exerted entirely 
through computerized systems or a technology interface (e.g., smartphone app) rather than by a human 
manager (humans out of the loop) (Cram et al. 2020). This introduction of a technological counterpart in 
the controller-controlee relation, which replaced the human controller, drastically changes the nature of 
the relation as the exercised control regulates or adjusts the behavior of the controlee (Kirsch 1996). As 
workers are no longer subject to human decisions, but to management decisions made by an opaque AC 
system, often combined with limited technical knowledge, this leads to algorithms being perceived as "black 
boxes" and increases technical opacity of these systems (Eslami et al. 2019). On the one hand, platform 
providers argue that algorithmic opacity is needed, as a form of organizational opacity, to maintain 
competitive advantages, protect intellectual property, and prevent malicious users from gaming the system 
(Eslami et al. 2019). On the other hand, scholars argue that platforms deliberately create “strategic opacity” 
to increase the efficiency of their AC and AM systems even more (Stohl et al. 2016).  

Although AC systems are opaque and have altered the traditional controller-controlee relation drastically, 
they still represent a form of organizational control. Scholars argue that control research has not kept pace 
with the disruptive ways in which algorithmic technologies transform organizational control fundamentally 
(Cardinal et al. 2017; Kellogg et al. 2020). Nonetheless, drawing on these existing concepts in the following 
helps us to establish a solid theoretical foundation for understanding the opaque functionality of AC, 
allowing us to discuss the differences between previous control systems and AC, and to bridge the gap 
between the state of OC and the state of AC that we see in the gig economy today.  

Selected Control Concepts from Organizational Control  

Control in the organizational context can generally be defined as an evaluation process which directs 
attention, motivates and encourages organizational members to act in desired ways to meet an 
organizations objective (Long et al. 2002; Ouchi 1977). Scholars in information systems (IS) research are 
turning away from a process-oriented view toward a broader, behavioral conceptualization of control that 
implies that the controller is taking action to regulate or adjust the behavior of the controlee, which fits well 
to our research context of AC, as desired outcomes and corrective actions are often opaque (Kirsch 1996; 
Kirsch 1997).  

Control Purpose – The first concept we draw on is control purpose as it helps to answers why controls 
are used and describes “the intentions that underlie the controller´s configuration (what) and enactment 
(how) of controls” and can be further conceptualized in the purpose of value appropriation and the purpose 
of value creation (Wiener et al. 2019, p. 1390) Based on the value-creation approach, control is interpreted 
as caring as the observers have beneficent motivations (such as developing and protecting the observed) in 
the value-appropriation approach the observers have contentious motivations (such as punishing the 
observed) (Anteby and Chan 2018).  

Control Style - describes “the manner on which the interaction between controller and controlee is 
conducted” (Wiener et al. 2016, p. 755). A distinction is made between coercive (or authoritative) and 
enabling control styles (Adler and Borys 1996). Coercive control is designed to force compliance in opposite 
to an enabling control style which achieves compliance through providing flexibility and autonomy in the 
work process (Adler and Borys 1996). This formalization of control styles differs significantly along the 
features repair, transparency and flexibility (Adler and Borys 1996). Especially transparency, describing  
the degree of insight a worker has into the workings of a system, and flexibility, describing the level of 
flexibility workers have in getting their work done, are relevant in the context of AC (Adler and Borys 1996). 

Control Systems, Portfolios and Process - Organizational control systems describe structures of 
multiple formal and informal control mechanisms (Cardinal et al. 2010). Formalization in this case 
describes the scope of written rules, procedures, and instructions and can be understood as a continuum 
between informal and formal (Adler and Borys 1996). The most commonly cited and widely used control 
systems are bureaucracies, markets, and clans, presented in the seminal work by Ouchi (1979; 1980). The 
characteristics of a bureaucratic control system are that the involved parties in a transaction are not free 
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agents but are in a hierarchical, often formally fixed (employment contract) relation in which a worker 
agrees based on (mostly) financial conditions to the right of the organization to appoint superior managers 
who can (1) direct work activities and (2) closely monitor the employees performance and assign value to it 
(Ouchi 1980). The concept of market control systems defines a market relationship as the transaction 
between two parties mediated by price, which also conveys all the necessary information for efficient control 
(Ouchi 1979). Market control systems can be divided into internal and external market systems (Cardinal 
et al. 2010). Pure external market control systems rely on the price mechanism as the control mechanism, 
while internal market control systems additionally rely on commission-based incentives and outcome-
based performance programs (Cardinal et al. 2010). Clan systems rely on shared values, common beliefs 
and trust with the purpose of merging the personal goals of the employees with the organizational goals 
(Sitkin et al. 2020). Integrative control systems can be defined as a hybrid of the previously described 
systems as they combine parts of more than one system (Roth et al. 1994). More popular in the context of 
IS research is the concept of control portfolio, which describes a mix of informal and formal control 
mechanisms that help to implement control modes (Kirsch 1997). The control process can be divided in 
three phases: (1) specification and measurement of appropriate behaviors or outcomes; (2) evaluation of 
performance; and (3) rewarding or sanctioning (Kirsch 2004). This process is dynamic and repeats itself 
with constant adjustments to the control portfolio. Including these concepts into our theoretical framework 
allows us to capture the opaque nature of AC systems by matching them to these existent systems. 

Control Modes and Targets - Control targets describe the target of control and refer to attributes of the 
production process that control mechanisms are intended to influence (Cardinal et al. 2004; Cardinal et al. 
2010). They are divided in input, behavior and output targets based on the standpoint of their inherent 
temporal location in a process (Cardinal et al. 2017). Input targets focus on how material or human 
resources are selected, behavior targets are set to ensure performance, and output targets are used to align 
them with organizational goals (Cardinal et al. 2010). In her seminal work Kirsch (1996; 1997) introduced 
the related term “control modes”, which is divided into informal modes of control (self-control and clan-
control) and formal modes (behavior control and outcome control) and also answers to what control is 
applied or what control activities are put in place (Wiener et al. 2016; Wiener et al. 2019). To facilitate the 
terminological distinction between clans in a control system comprehension and clan-control, as a form of 
informal control mode, we find “peer-control” as a response of workers to their peers’ behavior or 
performance to be more fitting and therefore use the term in our framework (Loughry and Tosi 2008). 
Further, in the following we only use the term control modes for also referring to control targets.  

Control Mechanisms - Control mechanisms are defined as the individual, molecular units or 
organizational controls (e.g., policies, norms, rules, standards) that are applied to higher-level control 
modes which itself are part of a control system/portfolio (Cardinal et al. 2010; Kirsch 1997). Generally, they 
can be divided into formal and informal mechanisms but scholars (Cardinal et al. 2004; Long et al. 2002; 
Roth et al. 1994) suggest that individual control mechanisms can exhibit formal and informal attributes. 
Based on the presented concepts we introduce the theoretical framework for our study in Figure 1. 

 
 

 

Figure 1. Theoretical Control Framework 
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Research Design 

We conducted a qualitative study on the use of AC in in two app-work platforms (Uber & Mjam) and two 
crowdwork platforms (Upwork & Freelancer) based on the control framework presented above. The study 
is conducted as a multiple-case study, which uses ethnographic and netnographic approaches for data 
collection and triangulation, similar to the study by Lee et al. (2015), to assess reliability of the qualitative 
analysis (Madill et al. 2000). Multiple-case studies provide a stronger base for theory building as they 
enable comparisons grounded in varied empirical evidence (Yin 2009). Based on an extreme-case sampling 
technique we focused on two app-work (Mjam (food-delivery) and Uber (ride-sharing)) and two crowdwork 
(Upwork and Freelancer) platforms, as these categories of gig economy platforms most heavily use AC and 
are therefore particularly suitable for analyzing the functionality of AC (Eisenhardt and Graebner 2007; 
Gerring 2006).  

Data Collection and Analysis 

Data collection was conducted in a "bricolage" style, which consisted of combining multiple data sources 
and materials (Neuman 2014). For the Mjam case, the main data was collected through an ethnographic 
approach, as one of the project team members worked for the platform, which allowed for gathering 
empirical data in an ethnographic style (Brewer 2000). During the employment phase the team member 
also had employee-exclusive access to chat-groups and a mobile application (RoadRunner) as additional 
data sources. This gathering of internal documents and digital conversations, could be more granularly 
defined as netnography, a “specialized form of ethnographic research that has been adapted to the unique 
contingencies of various types of computer-mediated social interaction” (Kozinets 2012, p. 39). This 
netnographic approach was also used to collect data in the Upwork and Freelancer cases by extracting data 
from the reddit online forums r/Upwork and r/freelance via an application programming interface (API) 
and scanning it against a glossary of keywords developed by Bucher et al. (2021) to extract comments on 
AC. Also, in the case of Uber, data was gathered from the driver online forum uberpeople.net, which is one 
of the biggest forums for ride-sharing with more than 175.000 members. Additionally, a freelancer profile 
was created to gather insights of the application process and internal information. The same was done in 
the Uber case to better understand the sign-up process and barriers to entry. Also, Upwork offers a very 
detailed online documentation, which was analyzed besides other secondary data sources. In all four cases 
various other sources like websites, videos, blogs, and press releases were examined.  

After finishing the data collection, we triangulated the various sources to create a comprehensive dataset, 
read it several times to get immersed, and then used content analysis to search for content which fitted to 
the defined control concepts (Andren 1981). In the following step, the project team coded and interpreted 
the identified data in regards to the control framework presented in Figure 1. A detailed coding example 
can be provided on request by the authors.  

 

Case Type Description Method Main Data Sources 

Upwork  Crowdwork  
Freelancing 
platform 

Netnography, 
Bricolage  

Reddit online forum, annual 
report, official community forum, 
official website 

Freelancer  Crowdwork 
Freelancing 
platform 

Netnography, 
Bricolage  

Reddit online forum, annual 
report, official community forum, 
official website 

Mjam App-Work  
Food-delivery 
platform 

Ethnography, 
Bricolage  

Ethnographic field work, personal 
work experiences, internal 
documents and communication 

Uber  App-Work  
Ride-sharing 
platform  

Netnography, 
Bricolage   

Online forum uberpeople.net, 
official website, videos, blogs, app 

Table 1. Case Description 
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Findings 

Findings Regarding Control Mechanisms 

During the analysis it quickly became apparent that it was sometimes difficult to identify control 
mechanisms as such, because it was opaque what exactly they control or what the corresponding control 
modes are. For example, the form of employment as a control mechanism in the case of Uber can be 
attributed to the control mode of self-control, as riders can decide completely on their own when they want 
to work, which further on fits to an enabling control style. However, from another perspective, this can also 
be attributed to strict input control, as Uber manages the entire supply side with a coercive control style 
and nudges the behavior of drivers according to its preferences. It became clear that many control 
mechanisms relate to formal control modes and are put into place with a coercive control style, which is 
enacted rather informal and opaque to establish information asymmetry. Across all analyzed platforms it 
became clear that control mechanisms often serve multiple control modes and achieve this by enacting 
control in an enabling style. At closer evaluation however, they heavily nudge workforce behavior in desired 
ways of the platform and help to create an opaque control portfolio. An example of this “soft control” 
(Pregenzer et al. 2020) is the push notification of Mjam and Uber, which permanently try to trigger certain 
behavior of their riders/drivers. We will discuss the functionality of these subtle behavior control 
mechanisms, which resemble nudges, in more detail in the discussion section. 

Findings Regarding Control Modes, Targets and Style 

In all the analyzed platforms, the first input control modes are applied in the selection process of the 
workforce. For Mjam and Uber, these hurdles are set comparatively low, as they focus primarily on the basic 
skills of their workforce (e.g., driver’s license, legal age, work permit, capable smartphone). So, from a 
selection perspective there are almost no input control modes in place at the app-work platforms we 
analyzed. But once workers are admitted to the platforms, Mjam differs from Uber by adopting a shift 
system that, unlike Uber, offers more input control over managing workforce and therefore supply. 
Furthermore, the batch system at Mjam, which gives highly ranked riders the ability to book shifts first, can 
be considered an input control mode rather than a self-control mode as it reduces the flexibility of the 
workforce to choose their work hours freely. But it also has the function to motivate rider behavior to 
improve their outputs to get access to a higher batch category, which applies to a behavior control mode. 
But as riders have trouble comprehending the batch system calculation, they often become demotivated, 
and thus share their frustration in the group chat: e.g., one of the workers could not understand why s/he 
was still in batch level 3 (a rather low batch number) after working almost everyday for the last two weeks 
without any late starts or absences. Also, in this regard another worker sarcastically expresses his 
displeasure in calling the Mjam app genius as s/he is also still in batch level 3 after taking every order. In 
comparison, Uber's workforce appears to have a higher degree of self-control than Mjam's employees when 
it comes to choosing work hours. 

In the case of crowdwork platforms, we can see stricter input modes in the selection of freelancers. Upwork 
receives more than 10.000 applications daily, but is able to react to each within 24 hours due to an 
algorithm, which checks the combination of freelancers’ skills and experience, and only accepts a small 
fraction. Freelancers on Upwork and Freelancer have to submit bids for jobs, which is considered a self-
control mode as it works like a self-selection process where the freelancers have complete control over 
which jobs they apply for. As already mentioned, many control mechanisms have multiple functions and 
help to quantify the achievement of multiple control modes. For example, all four platforms have 
implemented a feedback system where customers can rate the received service. Based on the feedback it is 
possible for the platforms to quantify the effectiveness of simple output controls, like customer satisfaction, 
as part of the control process and adapt the control portfolio accordingly, often in real time due to the 
flexibility of AC. However, feedback systems also affect employee behavior and function as behavior control 
modes, as employees try to perform well and often do emotional labor in exchange for good feedback 
(Rosenblat and Stark 2016). Sometimes workers bypass these mechanisms and figure out ways to 
manipulate the algorithm (Jarrahi and Sutherland 2019). For instance, the keyboard presses and mouse 
movements at Upwork are recorded in the case of hourly payed projects. It was found however, that these 
mechanisms are easily circumvented by setting up a second monitor or using a timer to work around 
screenshots (Wood et al. 2019). This behavior is also found on the customer side. In the case of Uber, it was 
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found that passengers place their pick up location outside of a surge zone, to avoid higher fares, and then 
call drivers to direct them to their actual location (Rosenblat and Stark 2016). 

In summary, most of the control mechanisms identified for the app-work platforms (Mjam and Uber) apply 
to behavioral control modes, while for the crowdwork platforms (Upwork and Freelancer) we identified 
mostly self-control modes. We attribute this to three main reasons: (1) more individual work contents, (2) 
the workforce is higher skilled and is therefore of (3) higher value to the platform because of its unique skill 
set. Our analysis has also shown that this tight, algorithmically supported behavioral control is based on 
what we call control artifacts. We define a control artifact as an intangible, digitally available and retrievable 
source of information that acts as the control epicenter on which most control mechanisms of the control 
portfolio are based. In the case of Mjam and Uber this control artifact is the GPS signal. The efficiency of 
most control modes is monitored based on the GPS signal. The GPS signal forms the core of the control 
portfolio of Mjam and Uber and most app-work platforms. If the connection between the workers and the 
control artifact is interrupted due to a smartphone failure or loss of Internet connectivity, restoring 
algorithmic visibility is the top priority because the workers have to end their shift if they can’t reconnect 
(Newlands 2021). In the case of Upwork and Freelancer, the control artifact is the communication 
channeling feature the platform uses to monitor communication between customer and freelancer. Upwork 
and Freelancer have put in place strict behavioral control mechanisms to ensure that all interactions 
between parties go through the platform, so that the platform has visibility over the entire communication 
process. For example, if one party mentions words like mail, skype or WhatsApp in the chat there is an 
immediate notice that all communication outside the platform is prohibited, giving the parties a constant 
feeling of surveillance. Crowdwork platforms strictly control communication because they fear 
opportunistic behavior of service agents who defect with customers off platform for future transactions 
(Zhou et al. 2021). In terms of control style, we see a slightly more enabling control style in the crowdwork 
platforms, which can be attributed to the reasons above and more use of self-control modes. In app-work, 
the style is more coercive, which leads to lower information transparency and ultimately to a lower intention 
of the workers to stay with the platform resulting in higher degrees of workforce turnover (Göttel 2021). 

Control Concept 
App-Work Platforms 

(Uber and Mjam) 
Crowdwork Platforms 
(Upwork and Freelancer) 

Control Modes 
 

answers to what 
control is applied 
(control target) or 

what control 
activities controllers 

put in place 
(Cardinal et al. 

2004; Wiener et al. 
2016) 

Control Artifact: GPS Signal 
 

Platform access is controlled with low input 
control modes (e.g., smartphone, driver’s 
license) 
 
 

Mostly behavior control modes are 
implemented. 
 

Control modes are linked, e.g., outcome 
control (e.g., driver rating) feeds back into 
input control through real time control 
process (e.g., deactivation if rating gets too 
low). 
 

High dependence on customer ratings (fear 
of deactivation) 

Control Artifact: Communication 
Channeling Features 
 

Platform access is controlled with stricter 
input control modes (review of skills and 
experience during application process, skills 
exam) 
 

Freelancers are tied to the platform through 
the reputation system – the buildup 
reputation cannot be transferred between 
platforms.  
 

Higher levels of self-control than in App-
Work due to higher required skills and task 
individuality. 
 

Circumvention of control modes.  

Table 2. Result Summary for Control Targets/Modes 

Findings Regarding Control Systems, Portfolios and Process 

In regards to market control systems the division into internal and external market control systems seems 
applicable to the analyzed platforms, as they unite aspects of both (Ouchi and Price 1978). On the one hand 
the platforms compete in an external market system against direct competitors for workforce, customers 
and ultimately market share. In these external markets, the price mechanism plays a controlling role, but 
other qualities like availability, service quality and speed of the offered services are more important to 
customers than price (Cachon et al. 2017). On the other hand, after a customer has chosen a platform or an 
employee's application has been successful, s/he enters the internal market system which the platform 
controls by withholding full market information to establish strategic opacity. This pseudo market narrative 
is reinforced by the platforms by referring to their workforce as freelancers (Upwork and Freelancer), 
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entrepreneurs (Uber) or riders (Mjam) and highlighting their autonomy, flexibility and self-responsibility. 
Price plays an important role in these internal market systems, although it is not set by natural market 
mechanisms, but in most cases by the platform. Uber uses base prices that are fixed and set by the platform. 
Besides that, Uber uses surge pricing and boost promotions as dynamic pricing mechanisms, which are 
mainly used to regulate supply and demand. At Mjam, we had similar findings, although not all employees 
are independent contractors, as 10% of riders are permanent and traditionally hired to cover the base load 
of jobs, which is rather atypical for app-work platforms. It seems like Mjam is more dependent on planning 
security to achieve a functioning internal market system, as they also rely on a shift system, which riders 
have access to once a week to sign up for shifts, to ensure supply. In addition, the shift system is regulated 
by a batch system based on various performance criteria to control that only the best performing riders 
belonging to a higher batch have the opportunity to work flexibly by choosing their preferred shifts ahead 
of riders from lower batches. Although there is a shift system, Mjam seems to have an intentional oversupply 
of workers. As one rider asked in the riders group chat if anyone from batch 4 (which is comparatively low) 
got a shift as s/he did not get a single one. To this another rider replied that s/he was online a exactly 4:01 
pm and also could not get a shift and also mentioned that some weeks also riders in batch 3 struggle to get 
shifts. We also found evidence of oversupply at Uber, as there are often mass movements of drivers to a 
particular area due to surge zones which then often disappear, leaving drivers frustrated (Rosenblat and 
Stark 2016). 

As for the mechanisms related to market control systems in the crowdwork platforms, there is a bidding 
system in place which allows freelancers to place an offer (either an hourly rate or fixed price depending on 
type of project) on projects posted by customers. But both analyzed platforms control the number of bids 
that can be placed with an internal currency (Connects (Upwork); Credits (Freelancer)) which forces 
freelancers to be more conscious. On the other hand, it is also possible for freelancers’ profiles to be found 
and contacted by customers. Besides some soft restrictions, like the minimum hourly payment of 3$ and a 
constraint on the amounts of bids that can be placed, there is a far more impactful mechanism which skews 
the market regulation mechanism. Because Upwork and Freelancer act globally, freelancers on the platform 
have to face global competition resulting in vastly differing payment expectations (D'Cruz and Noronha 
2016). Although our analysis clearly shows aspects of control that could be associated with (internal) market 
control systems, the analyzed platforms do not qualify as market control systems in our view. Pricing 
mechanisms may play an important role in shaping market dynamics but the allocation of supply and 
demand is ultimately not subject to these mechanisms, as it is controlled by the platform. Our findings 
suggest that platforms rather use positive aspects which are associated with market systems, like pointing 
out the low bureaucratic hurdles and autonomy, as selling propositions and label themselves as 
marketplaces.  

The majority of the identified control mechanisms are associated with bureaucratic control systems 
although signifying mechanisms, like employment contracts, were mostly missing across all platforms. Only 
in the case of Mjam 10% of employees are in a traditional employment relationship linked to a contract with 
the platform. At Mjam, bureaucratic control mechanisms, which are characterized by clear rules and 
principles, are used primarily for quality management and the control of the supply. Bureaucratic 
requirements for the application process are kept to a minimum (capable smartphone, sufficient data flat 
rate, age of majority and work permit), which also illustrates the low barriers to entry for employees and 
the priority of the platforms to find replacements quickly, keeping the workforce dynamic. At Mjam, riders 
must sign up for a specific shift and are responsible for working during the shift they signed up for. If riders 
cancel a shift without a justified absence they get a “unexcused no-show”, which negatively impacts their 
batch number (their position which regulates the access to shift booking). This resembles a rather strict 
bureaucratic control mechanism, comparable to a roster, which is common in more traditional 
organizations. Furthermore, the batch system and the necessity to document every work step (in the case 
of Mjam delivery pick-up and drop-off have to be confirmed by sending a picture) are control mechanisms 
which are associated with bureaucratic control systems. At Uber we identified similar mechanisms. Strict 
bureaucratic rules apply, especially when accepting rides: If drivers miss three requests in a row, they are 
automatically logged off for several minutes. Also, through the implemented rating systems Uber insures 
quality control by automatically deactivating drivers which fall below a certain rating. In the crowdwork 
platforms, the share of strict bureaucratic rules is significantly lower compared to the app-work platforms. 
This could be due to the reasons mentioned above. Furthermore, workforce in app-work (Uber, Mjam) 
might be less intrinsically motivated due to the coercive control style, which leads to the introduction of 
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even more bureaucratic rules and monitoring to prevent opportunistic behavior, leading to a vicious cycle 
(Anteby and Chan 2018). In crowdwork platforms, the workforce is on average more highly qualified and 
therefore also acts as a unique selling point for the platform to acquire new customers, which is why it is 
more interested in creating a pleasant working environment by enacting a more enabling control style to 
reduce staff turnover. In summary, most of the identified control mechanisms across all platforms can be 
associated with bureaucratic control systems, but following the definition of Ouchi (1979; 1980) there is a 
lack of a clear hierarchical, formally fixed working relation in the triadic platform construct. But even 
though there are often no formal contracts, things like changes to the app interface, that remove or hide 
certain information, could be considered contract adjustments without the need of mutual consent. It has 
been shown that platforms create a fairly tight bureaucratic control framework with the help of AC. What 
distinguishes these systems from the bureaucratic control systems of the past is that they realize close 
supervision without the expected degree of formalization, an aspect we will present in detail in the 
discussion section.  

We could not identify control mechanisms associated with a clan control system. We attribute this to the 
high degree of individualization that the platforms reinforce, by not referring to their workers as employees, 
but rather emphasizing their independence and individuality. Also due to the nature of the work there is 
little interaction between workers, which is a prerequisite for clan control systems. In conclusion, it is 
difficult to clearly assign the implemented AC portfolios found in the analyzed platforms to an exact 
definition of the existing control systems. The observed control systems could most accurately be described 
as integrative control systems, implementing and blending a variety of control mechanisms associated with 
different systems.  

Control Concept 
App-Work Platforms 

(Uber and Mjam) 
Crowdwork Platforms 
(Upwork and Freelancer) 

Control 
System/Portfolio 

 
“configurations of 

multiple formal and 
informal control 

mechanisms” 
(Cardinal et al. 

2010, p. 56) 
 
 

Price mechanisms (surge pricing) play a role 
in a rather internal market perspective. Shift 
systems and promotions are used in a rather 
bureaucratic manner to ensure supply. 
  

Platforms have full control over price 
mechanism and other market information 
which results in information asymmetry that 
contradicts the definition of market control 
systems.  
 

Purposefully referring to workforce with 
labels which help to anchor false market 
narrative. 
 

Control mechanisms associated with 
bureaucratic systems are present although 
signifying mechanisms (employment 
contracts) are missing. 

Price mechanisms functions more in a 
traditional market control system sense with 
the implemented bidding systems although 
global competition skews the price 
mechanism. 
 

More aspects which resemble market control 
systems than app-work platforms. 
 

Aspects of bureaucratic control systems are 
present in the form of strict communication 
monitoring, skills exams and feedback 
systems but signifying mechanisms 
(employment contracts) are missing. 
 

It is not possible to attribute the control 
modes to one specific control system.  

Table 3. Result Summary for Control Systems/Portfolios 

Findings Regarding Control Purpose 

For the concept of control purpose, the data is rather homogeneous across all four cases. In regards to value-
creation purposes all four platforms create value by managing quality, safety and availability of transactions 
between parties. All four platforms act as mediators in this regard and provide a highly functional and 
reliable marketplace for participants, whether it be workers or customers. The value-creation purpose 
reflects the idea of the sharing economy, where the supply of capital and labor comes from decentralized 
crowds of individuals. In terms of value-appropriation, as the second type of control purposes, we see strong 
control mechanisms, which aim at preventing gaming and opportunistic behavior across all platforms. In 
the cases of Mjam and Uber there exists an explicit information asymmetry between platform and workers 
aiming at preventing riders or drivers from opportunistic and therefore rational decisions when choosing 
rides or orders. There is a lack of detailed information on orders or rides and also a time restriction in 
accepting them. This can lead to dissatisfaction, as in the case of a Mjam rider who had to deliver drinks 
over a long distance and commented on this sarcastically in the group chat that s/he is happy about 
delivering 12 liters of beverages (heavy delivery) to a location which is 3 km (short distance) away – another 
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rider shows his empathy by pointing out that such deliveries are “antisocial” and sarcastically adds that the 
rider can at least expect a large tip. Another one adds that this is another example for exploiting the delivery 
zone of 3.5km to the last meter. 

Regarding the crowdwork platforms, we can see a stronger focus on trust with the Job Success Score 
(Upwork), Trust Score (Freelancer) and Talent Badges, which for customers represent value creation but 
for freelancers are rather a value appropriating tool, as it remains unclear on which exact metrics these 
scores are calculated. In the case of Freelancer, there are also special skills tests that freelancers can take to 
have their skills verified by the platform. Also, the flagging system, where different contents can be flagged 
as inappropriate, has a more value appropriating character for the freelancers as customers are clearly in 
the strong position and can flag freelancers’ profiles while they can only flag selected job postings. In 
conclusion, the value appropriating measures outweigh the value creating aspects from the worker 
perspective. However, in cases where the purpose of the control mechanisms tends to benefit the customer, 
it disadvantages riders, drivers or freelancers, resulting in an ambivalent control purpose conception 
depending on the perspective. 

Control Concept 
App-Work Platforms 

(Uber and Mjam) 
Crowdwork Platforms 
(Upwork and Freelancer) 

Control Purpose 
 

intentions that 
underlie the 
controller’s 

configuration (what) 
and enactment 

(how) of controls 
(Wiener et al. 2019) 

The main purpose of the platform is to 
provide a functioning marketplace where 
supply meets demand to create value for 
itself, followed by customers, and only in 
third place is the workforce which is 
confronted with the value appropriated 
aspects of control to decrease opportunistic 
behavior. 

The main purpose of the platform is to 
provide a functioning marketplace where 
supply meets demand to create value for 
itself but also controls its workers with more 
value creation purpose as it is more 
depended on the workforce. But in regards 
to communication channeling there are 
strong appropriation-oriented controls  

Table 4. Result Summary for Control Purpose 

Discussion 

Towards a Holistic Understanding of Algorithmic Control  

Reflecting on the findings above, we see a strong tendency towards highly dynamic control portfolios, where 
feedback is given in real-time, creating the perception of an omnipresent algorithmic controller. This also 
leads to difficulties in clearly distinguishing different steps in the control process, different control modes 
and styles, as they interact and blend together. As such, we find that OC with its focus on concepts, defined 
by two independent anchor points, that are often treated as mutually exclusive (e.g., control purpose (value-
appropriation vs. value-creation), control style (enabling vs. coercive), control formalization (informal vs. 
formal), control allocation (central vs. decentral)) limits the applicability of OC, and shows the fundamental 
difference between AC and previous control systems. It is this problem of control singularity, which is seen 
as a major factor in limiting the applicability of OC to today’s multi-faceted and complex organizations in 
the gig economy (Cardinal et al. 2017). Control singularity describes approaches that consider only a 
singular type of control to be useful in a given context, as opposed to holistic approaches that assume that 
organizational control consists of multiple control approaches and focuses more on blending these 
(Cardinal et al. 2017). To develop an understanding of the blending and interactions of different control 
types, we introduce three key dimensions of organizational control, which we adapted to AC: allocation, 
formalization and adaptiveness (Cardinal et al. 2017). 

Allocation of Control  

AC offers the possibility for organizations to achieve new forms of allocating control. Over the past decades, 
organizations have continuously reduced their core activities while expanding their periphery by 
outsourcing activities to strategic partners. (Gulati and Kletter 2005). This inexorably led to a 
decentralization of economic power and ultimately control. However, this brings us to the paradox of 
control allocation through the use of technology that simultaneously asks for more and less control of key 
technological elements (Tilson and Lyytinen 2021). From our analysis, it appeared that for platforms using 
AC, it is possible to to keep control centralized, while also decentralizing it, as opposed to markets (which 
disperse it equally) or networks (which distribute it to trusted collaborators) (Vallas and Schor 2020). This 
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form of apparent decentralization of control to the other two parties (customer and worker) in the triadic 
relationship is a way platforms regain power (Vallas and Schor 2020). With algorithmic technology it 
becomes possible to achieve maximum centralization of control in creating the ultimate non-human 
manager, who is capable of real-time, “inperson”, and individual control of workers and is almost unaffected 
by organizational growth and therefore unlimited scalable. Control aspects that are a weakness of the 
algorithm (control of subjective performance aspects) can then be decentralized to the other parties 
(customer or worker), while in reality remaining centralized under the decision sovereignty of the 
algorithm, since decentralization of control is not accompanied by actual decision-making power.  

Illusion of Self-Control - We find this paradoxical control allocation, where control is decentralized 
while remaining centralized, in most self-control modes and the resulting flexibility that gig economy 
platforms seem to create. If control in the gig economy was indeed decentralized to the worker in the form 
of self-control, two main factors would have to be fulfilled: (1) workers’ ability to self-schedule in 
combination with diverse and changing life situations and to (2) freely reject or accept job offers 
(Lehdonvirta 2018; Shapiro 2018). In terms of the first factor, this seems to be the case for Uber and 
partially Mjam as for the most part the worker is in control, since s/he is free to decide when and for how 
long s/he works. However, recent research has shown that self-scheduling is more profitable for the 
platform than centralized scheduling, as the organization can dynamically respond to an increase in 
demand by, for example, setting up surge zones (Uber) in high-demand areas to get more riders on the app, 
but also has huge cost savings by eliminating fixed costs like employee salaries. (Cachon et al. 2017). 
Ultimately, therefore, these opportunity costs have to be absorbed by the workers, as they must be available, 
accessible, and responsive to their platform without being guaranteed paid work (Rosenblat and Stark 
2016). They must decide whether demand is profitable relative to the capacity offered at a given point in 
time (Cachon et al. 2017). Workers are in a constant state of deliberation as to whether an particular deal is 
worth it, how long they would need to wait for another to be sent to them and how their response to an offer 
will affect the offers they receive in the future (Calo and Rosenblat 2017). This leads to significantly reduced 
power to self-schedule and thus self-control.  

The second factor that must be present in order to be able to speak of decentralized self-control is the 
possibility of the worker to freely decide which job/gig offers to accept. For an informed decision full 
information transparency is needed, which most of the time is not the case. Especially in app-based work 
(Mjam and Uber) we see platforms withholding significant information (restaurant or passenger address, 
distance, order details), putting a time penalty on the decision. They often choose a coercive control style 
and tone, as shown in the case of a Mjam-App notification reading: “[…] Please accept the next order 
immediately”. However, we found differences between crowdwork and app-work, as crowdwork tasks 
require more or specific work skills on average. In the case of Upwork and Freelancer, freelancers and 
customers openly discuss work contents and compensation, but always under the surveillance of the 
platform. This is realized by controlling communication channels (control artifact). The control artifact 
functions as the epicenter where control is centralized, which is why platforms show high interest in 
protecting them. In summary, as skill requirements increase, power asymmetries decrease, as it becomes 
harder to remain power over the control artifact, resulting in a more even allocation of control between 
parties.  

Customer Control - We found a similar form of pseudo decentralization in the customer-platform 
relationship. The platform itself does not have the human resources to control a workforce at the scale we 
see in the gig economy, and therefore relies heavily on AC. Although the services offered are highly 
standardized, which makes it possible to control them with AC, it is still not possible to completely remove 
the human controller from the loop (Baptista et al. 2020). Since most products in the gig economy are 
services, the perceived quality of these services is difficult to quantify and highly subjective to the individual, 
which limits the applicability of AC. Therefore, platforms delegate the qualitative service evaluation to the 
customer to some extent. This leaves workers subjected to an almost uncontrolled power of the customers, 
which shows itself in the role of rating and reputation systems (Muldoon and Raekstad 2022). On the one 
hand, these systems help to digitalize trust by minimizing anonymity and creating digital reputation. On 
the other hand, platforms use them as control mechanisms to control behavior and assess the efficiency of 
the control process. However, control is not actually reallocated and decentralized to the customers, as they 
only perform the evaluation part. The ultimate decision if and how a worker is sanctioned or rewarded 
based on a customer feedback lies in the hand of the algorithm and therefore the platform. This also helps 
to understand why workers are far more dependent on positive feedback, and “are at the mercy of random 
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people”, who are often not aware and in control of the consequences of their ratings (Lee et al. 2015, p. 
1610). The same applies for reputation scores like the Job Success Score (Upwork), Trust Score (Freelancer), 
Current Score (Mjam) and Badges (Uber). In the case of Upwork for instance, other researchers have found 
that freelancers form alliances with customers to circumvent the performance rating system, because 
reputation metrics are so important (Rahman 2019). Further studies show that freelancers invest money, 
time and effort to protect their ratings (Jarrahi et al. 2020; Kinder et al. 2019). The platform benefits from 
this seemingly allocation of control to the customer as it only has to lay the basic structure. The feedback 
system becomes a self-running control mechanism, were the customer takes over the evaluation part, but 
the decision on the consequences remains with the platform. Due to this, the platform can once again safe 
costs, which would otherwise be needed to employ human managers. Another gain is that the platform 
benefits from the digitalization of trust in the long term, as trust in the offered service increases with more 
and more reviews, and this digital reputation also acts as a lock-in mechanism for employees, as they cannot 
take their digital reputation with them when switching platforms. 

In summary, platforms achieve this paradoxical allocation of control in the employee-relationship by 
decentralizing control over the decision of when to work to the employees, but keeping control over supply 
centralized by using soft control mechanisms, such as dynamic pricing, surge pricing, and batch systems to 
nudge workers to a certain behavior without limiting their decision set, ultimately creating the illusion of 
self-control. Furthermore, in the customer-relationship, the service evaluation process, which cannot 
completely be performed by the algorithm, is decentralized to the customers but the decision-making power 
over consequential sanctioning or rewarding stays centralized under control of the platform. This 
paradoxical allocation of control is opaque because platforms appear to the outside world as market systems 
or open marketplaces where demand is met by supply and the platform itself plays only a mediating role. 
Values such as autonomy, flexibility, and the ability to be your own boss are advertised and are associated 
with high degrees of self-control and workers flexibility. Platforms imply that flexibility is a value in itself, 
which ignores that for some, routine and predictable employment with fixed hours may be more rewarding 
(Adler and Borys 1996; Tan et al. 2021). In addition, incentive schemes such as dynamic pricing give 
platforms control over the flexibility they promise their workers, which ultimately means that only the 
platforms benefit from the flexibility aspect, which further shows this pseudo decentralization (Muldoon 
and Raekstad 2022). The positive symbolic value of altruistic sharing and entrepreneurialism, helps gig 
economy platforms to portray an evenly distributed allocation of control, while depriving workers of their 
social and legal status as "employees" or "workers," and by depriving them of any possibility to challenge 
the existing power structure, which is reinforced by the opacity of algorithmic work processes that leave 
workers no room for self-control and flexibility and even put the customers to work (Pignot 2021).  

Formalization of Control  

The second dimension of organizational control we want to discuss in regards to AC is formalization, which 
describes the scope of written rules, procedures, and instructions in an organization (Adler and Borys 1996). 
In early organizational theory it was contested that with increased size of an organization its structure 
becomes more complex and differentiated, which decentralizes control, as managerial manpower to execute 
control cannot be increased infinitely (Pfeffer and Leblebici 1977). The organization is therefore in need for 
a greater degree of control formalization (higher proportion of codified jobs, resulting in less range of 
variation) to compensate for less personal control, which could be counteracted with the implementation 
of IS, as technology helps to perform managerial tasks and leaving managers with more time for personal 
control, therefore reducing the need for formalized control (impersonal control through rules and 
procedures) (Ouchi 1977; Pfeffer and Leblebici 1977). This of course describes an ideal type scenario and 
use of information technology as often the inefficient fit of IS can lead to an increase in bureaucracy and 
therefore the need for formalization (Niskanen 1968). With AC it became possible to fulfill the need of high 
formalization of control, as platforms in the gig economy are highly complex and need to manage large 
workforces globally, while simultaneously enacting control in rather informal ways. We found that many of 
the analyzed AC mechanisms are highly formal in the aspect of helping to produce highly standardized and 
codified jobs with a low range of variation but equally informal in the aspect of being intangible and invisible 
rules or procedures. Our findings show this dualistic formalization of control in what we call internalized 
control. It became apparent that most of the AC mechanisms are formal in terms of following a strict set of 
algorithmic rules, but due to platforms controlling the provided choice architecture, they achieve the 
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functionality of informal control mechanisms. Platforms achieve this by controlling two main features of 
the provided choice architecture: flexibility and transparency. 

Flexibility - By exerting “soft control” (Pregenzer et al. 2020) or “soft paternalism” (Sunstein 2014, p. 584) 
similar to nudges, platforms reduce the flexibility by presenting a choice architecture, which influences 
workers decision by strategically withholding information and purposefully creating information 
asymmetries (Sunstein 2014; Thaler et al. 2014). An example of mechanisms that are considered nudges in 
the case of Uber are push notifications that drivers receive predicting high demand: “Get ready for a big 
weekend in New Orleans!” (Rosenblat and Stark 2016). Others encourage drivers to stay on course: “You're 
almost halfway there, congratulations!” (Scheiber 2017). Two conditions need to be fulfilled in order to 
speak of a nudge: (1) the set of choices available to the influenced party must either remain unaltered or be 
expanded – never constrained (choice-set preservation condition) and (2) the influenced party must easily 
be able to disengage in the behavior which the influence tactic is aimed at (substantial non-control 
condition) (Saghai 2013). However, these conditions were not always fulfilled in the soft control 
mechanisms we observed. For example, in the case of Uber when a driver is matched with a customer the 
algorithm can individually decide on the match conditions based on having full (local) market supervision, 
driver and customer information, misses important information (Blind Ride Acceptance), and on this basis 
can create a highly individual offer which has a high chance of being accepted by the driver. This in 
combination with the a priori reduced flexibility we discussed above, in regards to allocation of control, 
results in a constrained flexibility to decide. We argue that, in combination with low transparency, these 
soft control mechanisms become hard to resist, violating the non-control condition while seemingly 
fulfilling the choice-set preservation condition and can therefore not be considered nudges. 

Transparency - Bucher et al. (2021) referred to what we call internalized control as “pacifying” the 
algorithm. A major role is played by the opacity of the algorithm, as workers are not aware of its exact 
functioning, leading to technical opacity, which ultimately results in a power asymmetry that leaves workers 
in a position of inferiority, as they are not able to understand the decision process, but are under constant 
surveillance (Jarrahi et al. 2021; Zuboff 2019). Thus, workers often have no choice but to share their 
experiences and practices with fellows, which is known as collective sensemaking, describing the 
collaborative development of plausible stories that rationalize the algorithmic decision process (Pregenzer 
et al. 2021b; Weick et al. 2005). Workers are aware that the algorithmic decision process consist of a formal 
set of technical rules, but due to the technical opacity they are not capable to understand its functionality, 
and thus assume that every decision is recorded and will be taken into account, and begin to attribute a kind 
of omnipotence to the algorithm as a result from malevolent sensemaking (Pregenzer et al. 2021b; Shapiro 
2018). This malevolent sensemaking process then further increases power asymmetry as workers 
involuntarily shape perceptions of the materiality of the algorithm and reinforce the power of algorithms 
through their anticipatory compliance practices (Bucher et al. 2021). In essence, the workforce internalizes 
the feeling of constant control as part of their identity construction. In the attempt to pacify the algorithm 
the workers internally limit their choice set a priori, which is due to their high identification and the feeling 
of being constantly under surveillance, resulting in what we call internalized control (Pignot 2021).  

In summary, by using formal computer-programmed rules and procedures (Gillespie 2014) AC achieves 
control in highly informal ways by controlling the flexibility and transparency of the choice architecture. 
This goes as far as to perceive the algorithm as technologically infallible and omnipotent, leading to a highly 
informal control mode of internalized control, capable of controlling an open choice architecture without 
actually limiting it.  

Adaptiveness of Control  

The third organizational control dimension we want to discuss in relation to AC is adaptiveness. This 
concerns especially the OC concepts control style, control purpose and the control process. Control 
adaptiveness describes the automatic adjustment of control mechanisms in real time to achieve or maintain 
a desired level of control portfolio performance (Landau and Zito 2006). Based on observed worker 
behavior on an individual level, the control process can be differentiated in two modes of operation: self-
tuning operation and adaptive operation (Landau and Zito 2006). If the algorithm detects a deviation of 
worker behavior from the desired behavior, a self-tuning operation starts and sanctions worker behavior 
until the desired performance is achieved again. For this self-tuning operation, a value-appropriation 
purpose is used as opportunistic worker behavior was detected which must be contained. On the basis of a 
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value-appropriation purpose, a corresponding coercive control style is applied to sanction the worker and 
enforce compliance. In the case Mjam this is found if a rider declines two orders in a row and then receives 
a notification to accept the next order immediately. If the driver decides to refuse even the following, s/he 
will be deactivated, and will have to contact the dispatcher to continue working. If the worker's behavior 
matches the desired behavior, the algorithm starts an adaptive operation that aims to further optimize the 
worker's output. In the adaptive operation the algorithm operates all the time and chooses a value-creation 
purpose and an enabling control style to reward and motivate the worker. In the case of Uber push 
notifications like “Get ready for a big weekend in New Orleans!” (Rosenblat and Stark 2016) and “You're 
almost halfway there, congratulations!” (Scheiber 2017) are used in an adaptive operation. 

This dynamic adaptation is enabled by minimizing the time component in which the control process can be 
performed through technological and algorithmic advances, allowing platforms to operate a highly dynamic 
control portfolio that enables much more granular and individualized control of the workforce. As the cycle 
time of the control process gets shorter, it becomes harder to distinguish between control modes, which is 
known as blending of controls (Pregenzer et al. 2020). This blending of control modes in addition to the 
high dynamic of the control process further increases opaqueness of the algorithmic processes. Based on 
the three discussed control dimensions we present the AC framework in Figure 2. 

 

 

Figure 2. Algorithmic Control Framework 

Conclusion  

The goal of this study was to create a holistic understanding of AC through application of OC concepts and 
derive conceptual adaptations to capture the characteristics of AC. We find that traditional concepts from 
OC are applicable to AC in many regards and provide a good basis to study AC in the gig economy. However, 
they suffer from their singularity characteristics and therefore are limited in displaying the dynamic 
blending of control mechanisms along the three discussed dimensions: allocation, formalization and 
adaptiveness. We attribute these shortcomings to the fact that OC has not kept pace with organizational 
developments and how the use of algorithmic information technologies shapes the controller-controlee 
relation we see in today’s gig economy platforms. Especially the categorization in control systems is no 
longer contemporary and rather restricting, as we see a high degree of control blending and dynamic control 
portfolios in the gig economy. With the resulting framework this study captures the characteristics of AC 
and is a step forward in in explaining algorithmic control phenomena. 
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